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Fig. 4 The calculation model of the operation rate of the seismic data based on Hadoop
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Fig. 5 Running interface of computing cluster base on Hadoop
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Research and Application of Big Data Technology in Mass Seismic Data

GUO Kai', HUANG Jingang”, PENG Keyin', PANG Lina'
(1. China Earthquake Networks Center, Beijing 100045, China)
(2. Earthquake Administration of Shanxi Province, Taiyuan 030000, Shanxi, China)

Abstract

In order to solve the bottlenecks of management, service and the calculation with the growing mass seismic

data, we research the main large data technology and analyze the application of large data calculation method in

seismic data, design the storage model of seismic data based on large data technology and the calculation model

based on mass data operation rate management, at last we make a comparison experiment between single ma-

chine multi-thread and large data environment. The results show that the big data technology of distributed man-

agement and computing architecture can solve the bottlenecks problem of the management, data service and sci-

entific research of mass seismic data.

Keywords: big data; seismic data; distributed management



