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Fig. 1 Schematic diagram showing the separation degree of C1 and C2
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Fig. 3 Comparison of information classification from UAV remote sensing images of the Lushan earthquake



178 WwoE o R 41 %

>

2.3 KIGREEE

AR 13 TR, B sl 5 SR AR
FUAHTR]AY 20 x 20 FLIW RA% , SR 5 78BS RS rh BE
BLA I 10 ASBEPLA, it 5 O R34S B
BEALEIE AR T A 2R AL, 153 1 334 48 4
AR S . SRS, A5 B KE
1RAERE Sk 87.5% , Kappa RN 0. 835, HAkZE
Wk 2 fim.

R2 HRBEBRIERBER
Tab.2 Confusion matrix validation from

the classification precision

gm0 S BESRRIERT KRR
B W %EEB Bt
B 3 1 0 0 0 0
LS 0 9 0 0 ) 0
Bt 0 0 15 0 1 0
wEENEER 1 0 o0 1 0 0
Mt 0 1 0 0 11 0

A 1 H 0 0 0 0 0 3
RPN (%)
HPREEE (%)

75.0 81.8 100.0 100.0 78.6 100.0

75.0 81.8 93.8 50.0 91.7 100.0

SMAKEE (%) 87.5
Kappa Z %k 0. 835
3 g

ARSCHIEFE T — B3 T e SEaTH 303% A7 1
HRRIC AL S A5 B Rl I ik, HAy
BOMWE R M 70285 3 MR 5 SR IR & 43 P 3 0
B BOOH | IR IE R, SR SEaTH 533k
TEALSE SEaTH 533 Bl 51 AT HRIE 22 18] 25 41
KRB, JRLEE 5 I8 T S NI R A5 2 A R A 3
[l , ek IR IR o 3 RN
Sl BT )RR AL O R 1 B, ORI R T RR X e
A B 23 JEROCRHR BE oy U= RO 4 T
B EER . PR ICNE, T SR BOA B BOK T
BN o H A R T AT A B 2 A R S iR
PE— T A R RRAE L 0E 2 A5G Tk, ik AT AF

FEHIIEAR B SN X 70 ST JE (520

SE

HAZE, T 3. 2010 YNAREAK H HePxd 1 [l 0 G528 00 2505 A
ERISEZm[ ] EELEIE R, 15(7) 11106 - 1111.

TG . 2005. eCognition 7F LA AT H Pt B [T ], M2 5 %5 )
HFRMF . ,28(6) ;116 —117.

I, B, 24 . 2016 FET eCognition B ERIZE KA S A5 U
BFFELT]. 45 28 M A5 8. ,39(2) <31 - 35.

TR 2R AR, 25 R L 2008, kT8 31 1 0 R MR SO AR AIE 2
FELT]. FRORE R (A ARRLE) ,44(3) 2310 - 319.

. 2010, BT RFAE R R 19 1R R B AR AR B[ D] R
Hh R ().

fAf/INR ARSTINE . 2002, LT OCHR AL BRI LR 5 s [T]. 404h 5
BOET A ,31(6) :504 - 507.

T/NAE A rp AR EE L 2001, AHSCOM T TEARAE L FEh A R [T ]
PR, 15(1) 115 - 18.

TI4E . 2014, F£TF eCognition [ X G245 A 1 55 0 P2 IR 1R 1 Hh
FIFAG32—— LA M 3R 85 S [T ] MRl , (8) 212 - 17.

A2 . 2008. I 1) TN B A B R 2RI D ] 5 B LR
B

Kb, 2R, bR . 2012, THI[] X 42 14 eCognition 32 JEEZAR 43S 15
BARBHLT]. P2 [E]5 5L, 10(2) :64 - 66.

TR SRAVIR . 2007, FE T A /N G e [T ]
A AR S AR, 2(12) 2212 -213.

AR BRI, AR . 2013, T 1) X G 43 FERRAE DR AL 3 IO Tk B O
M. 1BIEER,17(4) 1816 —829.

3T, 25T . 2006, 3ETF eCogniton [ 55 43 B A 8 S LG 11 1 5hil
S REEAR [T ], At E SR TR 2% B 24,22 (4) :26 - 29.

A RS, T AN, 4 . 2007, 3T WOREOTL B RRAE BB O 15
- RBUORFEM (E BRERM) ,32(12) 1127 -1130.

ARG, TR, B AL 4L 2012 B0 SEaTH 5534k A 18T [6) o
QOPRFHERER T[T ] BRI E R (F BRI ,37(8)
921 -924.

W . 2010. 3301372 H ¢ IX 22 P AR AL 3 K 7R 5 AR B AR U WL
FELD]. R : AR TR A%, 1 - 3.

FRARF- . 2006. FE T Bayes Hiie 3 [ A /NI RRIE B R 0k 19 B ST
[D]. i [FEFR:.

Moz . 2015, ForHFE B4 GBI SCHB R R (D],
PR H R 47 — 50.

Lu P,Stumpf A, Kerle N, et al. 2011. Object — oriented Change Detection
for Landslide Rapid Mapping [ J ]. IEEE Geoscience and Remote
Sensing Letters,8(4) ;701 —705.

Nussbaum S, Niemeyer I, Canty M J. 2006. SEaTH - a new tool forauto-
mated feature extraction in the context of object — based image analy-
sis[ C]//Proceedings of the 1st International Conference on Object-

basedImage Analysis. Austria:Salzburg University.



52 3 F 2 FET SEaTH Sk IR o AWK 2 B A5 B X R 2k 179

Study on the object — based classification of low — altitude UAV remote
sensing image of the Lushan earthquake based
on the SEaTH algorithm

WANG Zhi'?, LIU Chao'*, LIU Xiuju’, LU Heng'?, CAI Shixiang'”>, YANG Zhengli'*
(1. State Key Laboratory of Hydraulics and Mountain River Engineering, Sichuan University, Chengdu 610065, Sichuan, China)
(2. College of Hydraulic and Hydroelectric Engineering, Sichuan University, Chengdu 610065, Sichuan, China)
(3. Chengdu Planning Information Technology Center, Chengdu 610042, Sichuan, China)

Abstract

Before an earthquake that is believed to be a major natural disaster, how to quickly and efficiently extract
the area of land use information from remote sensing images, plays a role in the evaluation of the disaster and
post — disaster reconstruction. In this study, we select UAV images of the Lushan earthquake stricken areas in
Sichuan province as data sources and apply an object — oriented image analysis method. Firstly, the selection of
parameters in multi — scale segmentation is studied, and the optimal segmentation parameters are obtained.
Then, the digital eigenvalue of each image object is considered, and the improved SEaTH algorithm is used to
optimize the eigenvalue optimization. Finally, the classification of low — altitude remote sensing images in the
Lushan earthquake area is obtained by using the method of membership information extraction, and the classifi-
cation accuracy is evaluated. The results show that the total accuracy of the classification is 87.5% , and the
Kappa coefficient is 0. 835. Through the study of this paper, it can provide technical support for the rapid acqui-
sition of geospatial source data of earthquake disaster areas.

Keywords: object — oriented classification; multiresolution segmentation; the SEaTH algorithm;

UAYV images



