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et al, 2017), Langenbruch F1 Shapiro (2010) ffif]
TAETERY Omori s B Fe UMK S Hir 7 £ JH 1 IX 119175
KRR, Bachmann 28 (2011) FIH R - J 0
ETAS BRI SE T 0 B 1 95 & MR8 75 st M2 i 2l
R WRRRAEZ IIERT W=, BRME




52

0 N TR BN A [ BRATT T 211

st #irh, 75 5 M52 0 3 kAR AR A I ) AT B
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M2 S5 I MR SE B P 43 T (Lombardi et al,
2010; Eto et al, 2013; Llenos, Michael, 2016),
Dieterich 2 (2015) FI| J] 3 T 30 38 — R 245 8 2
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45 R SR W] ETAS LRV R DL G- 3l F5000 30 722 Y DX 1) by
ihd), CRS AR FRMA KX, FRAA
Je SIS ) P R B BE -, DR Ot gy B 00 A 1 5
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PG A R 52 & A 631, R 1A i R R
K/INEY DL ot 3 B0 73 A5, T 325 JE AN B 8 JE 1
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BAL, AT SE S BT R. BE RS TR
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Abstract

Tracking and summarizing the international progress in research related to earthquake forecast is an important
way to adjust and optimize the scientific research of earthquake forecast in China and promote the construction of
corresponding disciplines. In order to reflect the progress and trend of earthquake forecast research in the world
for the past 10 years, this paper clarifies the possible “position” of earthquake forecast research of China in in-
ternational research scale, by means of bibliometric analysis, introduction of international scientific research
plan and summary of main research results; summarizes main international scientific progress in the past 10 years
under the guidance of global scientific research project. Many aspects, including remarkable progress in the re-
search, development of forecast model, improvement of Operational Earthquake Forecasting, expansion of ap-
plication of earthquake disaster reduction, etc. , greatly enriched the scientific connotation of earthquake forecast
discipline and built the effect of integration into economic and social development. All of items mentioned above
will have important and enlightening significance to the scientific research in earthquake forecast in China for the
future.

Keywords: earthquake forecasting; mitigation of earthquake disaster risk; earthquake forecast model; sta-
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